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Accuracy Improvement of Object Detection by Co-occurrence between
Features Using Geometric Context
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This paper presents a novel approach for improving the accuracy of object detection by co-occurrence between

local features using Geometric Context (GC). Our approach uses local features such as the probability of geomet-

ric classes (ground plane, vertical objects, and the sky) and output of the weak classifier of Real AdaBoost to

obtain the co-occurrence feature. Capturing the co-occurrence between Histograms of Oriented Gradients (HOG)

and GC features makes it possible to construct an effective object detector. By evaluating the experimental

results of human and vehicle detection using in-vehicle cameras, it shows that our developed method has superi-

or performance in accuracy than the conventional method of not using context information.
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