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Vehicles.

BRE E—

Eiichi OKUNO

PBE B

Takafumi ITO

E# EHA

Masaaki HIROSE

FE B
Naoki ITO

It is said that automotive industry is facing a once-in-a-century transformation. One of the examples is that
autonomous driving vehicles change customer value. We think that human (driver and passengers) sensing and
actuation are very important technologies to realize the future cockpit concept. The other key technology is Al
(Artificial Intelligence), especially Deep Neural Network.

In this paper, we introduce some of new technologies in the field of human and Al research for the future vehicles.
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Fig.2 Driver Status Monitor
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Fig. 7 An example of the detection-by-tracking process
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Safe AI for Everyone

Policy

Use Al safely and show its safety to society

Al Safety Standard

Social Acceptance
Establish Al safety standards
through dialogue with society

Build and standardize
Al design and evaluation criteria
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demonstrate DENSO's Al is safe

Fundamental Technologies

Create technologies necessary to achieve Al safety standards

Fig. 11 Idea of Al quality assurance
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